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1. Motivation

• Typical attention mechanism in recurrent neural 
network (RNNs) builds attention upon subsequence
representation on source sentence.

• Word Attention builds itself upon clean and specific 
word-level representation.

• Enhance the model to extract more adaptive and 
comprehensive source context vectors on different 
abstractive levels.

2. Contribution

• We leverage source side word level information to form a 
complementary attentive word context besides the 
hidden context.

• We propose contextual gates to dynamically select the 
amount of hidden context and word context.

• State-of-the-art result on WMT’14 English-French 12M 
training data

3. Word Attention

• Compute word attention weights based on word 
embedding
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• Word Context
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• Update target hidden state and predict next token

𝑠𝑖 = 𝑓 𝑠𝑖−1, 𝑦𝑖−1, 𝑐𝑖
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5. Architecture

6. Experiments

• Neural Machine Translation, WMT’14 En-Fr, IWSLT’14 De-En

• Text Summarization, Gigaword

• Contextual Gates to combine hidden and word context
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4. Contextual Gates


